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Abstract
Background: Patients with preeclampsia display a spectrum of onset time and severity of clinical presentation,
yet the underlying molecular bases for the early-onset and late-onset clinical subtypes are not known. Although
several transcriptome studies have been done on placentae from PE patients, only a small number of
differentially expressed genes have been identified due to very small sample sizes and no distinguishing of clinical
subtypes.
Methods: We carried out RNA-seq on 65 high-quality placenta samples, including 33 from 30 patients and 32
from 30 control subjects, to search for dysregulated genes and the molecular network and pathways they are
involved in.
Results: We identified two functionally distinct sets of dysregulated genes in the two major subtypes: 2,977
differentially expressed genes in early-onset severe preeclampsia, which are enriched with metabolism-related
pathways, notably transporter functions; and 375 differentially expressed genes in late-onset severe
preeclampsia, which are enriched with immune-related pathways. We also identified some key transcription
factors, which may drive the widespread gene dysregulation in both early-onset and late-onset patients.
Conclusion: These results suggest that early-onset and late-onset severe preeclampsia have different
molecular mechanisms, whereas the late-onset mild preeclampsia may have no placenta-specific causal factors.
A few regulators may be the key drivers of the dysregulated molecular pathways.
Key words: clinical subtypes, molecular mechanism, placenta, preeclampsia, transcriptome

Introduction
Preeclampsia (PE) is hypertension presenting
after 20 weeks of gestation accompanied by one of the
following features: proteinuria, maternal organ
damage (including hepatic, renal and neurological),
or hematological involvement such as thrombocytopenia, and/or uteroplacental dysfunction, such as
fetal growth restriction and/or abnormal uteroplacental circulation [1, 2]. The diagnostic criteria include
systolic blood pressure higher than 140 mm Hg,

and/or diastolic blood pressure above 90 mm Hg, in
addition to proteinuria of over 300 mg/day [3]. It can
be classified as early- or late-onset with a gestational
age cutoff of 34 weeks [2, 4-6]. The global incidence
rate is 4.6% of pregnancies [7], leading to 60,000
maternal deaths per year [8]. The grave consequences
of PE on maternal health are mainly attributed to
cerebral edema, intracranial hemorrhage and
eclampsia [9], which some studies have suggested to
http://www.thno.org
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be caused by abnormal functions of the autonomic
nervous system mediated by placenta-derived factors
[10-12]. PE has significant consequences on fetal
development and growth, often leading to perinatal
and infant morbidity or mortality and contributes
preterm births [13] and ~15% cases of fetal growth
restriction (FGR) [14, 15]. In the long term, PE affects
brain development and functions of the offspring [16],
leading to intellectual disability [17], epilepsy [18],
autism [19-21] and schizophrenia [22, 23].
Since the symptoms of a pregnant woman with
PE
usually
resolve
after
delivery
and
histopathological placental changes can be detected at
that time, the placenta has been perceived as the
location of the root cause. A widely accepted disease
model for the placental origin includes two stages of
PE development [24, 25]. During the first stage,
abnormal placentation in early gestation plays a role,
such as poor trophoblast invasion and incomplete
vascular formation of spiral arteries, which lead to
placenta dysfunctions; and in the second stage, the
dysfunctional placenta releases factors into the
maternal blood, which in turn lead to hypertension
and organ damage [24, 25]. This model promoted
intensive studies on placentae as root cause of PE, and
increasing knowledge leads to finer classification of
stages [26]. However, the molecular mechanisms
originating in the placenta remain largely unknown,
and there are insufficient molecular criteria for
distinction of the clinical subtypes.
Some PE cases occur in families, suggesting
genetic factors play a role in its pathogenesis. First
degree relatives of women with PE have a 5-fold
higher risk of developing the disease [27]. Men born
from a PE pregnancy are also at risk of fathering PE
pregnancies [28, 29], demonstrating that the placental
genotype contributes to PE. The heritability of PE is
about 50% [30, 31]. Genome-wide linkage studies on
pedigrees have identified risk loci on chromosomes
2p13, 2q23, 11q23, 10q22, 22q12, 2p25, 9p13, 4q32 and
9p11 [32-36]. Genome-wide association studies
(GWAS) have found some variants associated with PE
[37-39].
Patients with early-onset PE have more severe
maternal and perinatal complications than those with
late-onset PE [4]. We do not know, however, if
early-onset PE and late-onset PE have a common or
distinct
underlying
molecular
pathogenesis.
Numerous placental microarray studies failed to
identify distinct molecular signatures, due to small
sample sizes, improper grouping of clinical subtypes
and insufficient analyzing the transcriptome data
[40-47]. Some analyses use no classification of samples
[41, 46] and some focus on severe PE [47], or
early-onset severe PE [48]. Although several
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microarray studies contain both early- and late-onset
PE placental samples, these studies investigated
differential expression between all PE samples and
controls, or between early and late PE [42, 44, 45], but
did not investigate differential expression in subtypes
by comparing them to normal controls. RNA-seq
allows for full sequencing of transcriptomes including
coding and noncoding transcripts, and therefore more
informative for discovery of mechanisms and
biomarkers [49]. A recent RNA-seq study, done on
placentae of 9 PE samples (in three pools) and 9
controls (in three pools), found 53 PE-associated genes
[50]. The pooling of the samples and absence of
subtype classification greatly reduced the power for
detecting dysregulated genes. Although these studies
point to placental mechanisms underlying PE
involved in angiogenesis [42, 45], immune functions
[40] and hypoxia [47], it is still not clear whether the
molecular pathways involved in the functional defects
of placentae are different in clinical subtypes of this
complex
disorder.
We
speculate
that,
if
transcriptomes are compared between more
homogeneous samples of each particular subtype and
normal subjects, more complete sets of dysregulated
genes might be revealed for each subtype, which
would provide basis for the study on molecular
mechanisms and early diagnosis.
In order to systematically search for placental
molecular signatures associated with clinical
subtypes, we carried out transcriptome sequencing on
65 high quality placenta samples, including 33 from
30 PE patients and 32 from 30 normal subjects.
Considering the placenta is a vascular structure of
microvessels, we achieved high data quality by
removing the blood contamination using a
computational strategy. We
obtained 2,977
differentially expressed genes for early-onset severe
PE and 375 differentially expressed genes for
late-onset severe PE. The two dysregulated gene sets
in the two major clinical subtypes are associated with
two distinct sets of pathways. Two distinct sets of
transcription factors may be responsible for most of
the gene dysregulation in the two major subtypes.
These findings provide not only distinct molecular
signatures for the two major clinical subtypes of PE,
but also potential pathways and regulators for
understanding the molecular mechanisms of this
complex disease.

Results
Subtype classification based on clinical
characteristics and sample clustering based on
RNA-seq data
We collected 32 placentae from 30 normal
http://www.thno.org
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individuals (including 4 placentae from 2 twins) and
33 placentae from 30 PE patients (including 6
placentae from 3 twins), which were carefully
classified into subtypes based on clinical
characteristics (Figure 1A and Table S1). The disease
group and normal group showed significant
differences in systolic and diastolic pressures,
delivery time and baby weights. The early-onset
severe PE (EOSPE) group showed significant
differences in most of these characteristics compared
to the late-onset severe PE (LOSPE) cases. Both
EOSPE and LOSPE showed significant differences in
these characteristics compared to late-onset mild PE
(LOMPE) which had only moderately elevated blood
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pressures compared to controls (see Table S1 for
statistics and P values, Student’s t test). Notably, the
LOSPE patients had significantly elevated C-reactive
protein (CRP) levels (P = 0.0203 between LOSPE and
normal control, P = 0.0268 between LOSPE and
EOPSE, Student’s t test), whereas C-reactive protein
(CRP) levels of EOPSE or LOMPE patients were
within the normal range (Figure S1A). This result is
consistent with previous finding that C1q and C4d are
increased in the serum of LOSPE patients [2].
Four placental specimens were dissected from
the midsection between the chorionic plate and
maternal basal plate of each placenta soon after
delivery and rapidly preserved in RNAlater® to

Figure 1. Clinical subtypes and sample clustering using RNA-seq data. (A) Clinical subtypes of PE patients: early-onset severe PE (EOSPE), late-onset severe PE
(LOSPE), late-onset mild PE (LOMPE). The numbers under each subtype are the numbers of placentae (outside the brackets) and the numbers of patients (inside the brackets).
(B) Principal component analysis (PCA). The top two principal components in this dataset represent up to 30% of all variations. Samples of EOSPE clustered on the right side
(within the dashed circle), while samples of LOSPE and LOMPE are clustered together with normal samples on the left side. (C) Heatmap of sample-sample distance using the
Ward’s method. The EOSPE samples are clustered as the branch on the left, roughly corresponding to the samples in the right area of the PCA plot. The LOSPE and LOMPE
samples are clustered together with normal samples on the right side. Four LOSPE samples were clustered with EOSPE.

http://www.thno.org
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prevent RNA degradation. RNA-seq was carried out
with Illumina Highseq2500. We also performed RNAseq on two cord-blood samples for computational
removal of contamination of blood cells in the
placental tissues (Table S2). Principal component
analysis (PCA) and sample clustering analysis were
performed on our dataset, to explore sample features
in gene expression levels. The EOSPE samples were
clustered together with four LOSPE samples in PCA
(Figure 1B) and in the heatmap (Figure 1C). The rest
LOSPE and all LOMPE samples were mixed with
normal samples (Figure 1B-C). We got similar
clustering results on PE samples after removing the
normal samples (Figure S1B and Table S1). Looking
into the clinical records, we found that the four
LOSPE patients whose samples were clustered
together with EOSPE samples, showed characteristics
similar to those of the EOSPE patients except for
gestational age at PE-onset, indicating that these four
“LOSPE” patients could in fact be EOSPE patients
diagnosed later than the actual onset time. We
extracted the top 50 genes that contributed to the first
principal component (PC1), and found that 36 are
known PE-associated genes, such as BHLHE40, ENG,
FLT1, HK2, HTRA4, INHBA, LEP, NDRG1, PAPPA2,
SASH1, SIGLEC6, SLC6A8, suggesting that these
genes may be potential molecular markers for this
disease. The signatures of gene expression that
separate EOSPE from the two other clinical subtypes
suggest that they may have different underlying
molecular mechanisms.

Distinct dysregulated genes in PE subtypes
To identify groups of genes that may be involved
in the heterogeneous pathology of the clinical
subtypes, we used two different methods DESeq2 and
edgeR to carry out 4 comparisons of the RNA-seq data
(Figure 2B): all PE samples vs. normal controls,
EOSPE samples vs. controls, LOSPE samples vs.
controls, or LOMPE samples vs. controls. We found a
total number of 3,100 differentially expressed genes
(DEGs), including 31 microRNAs and 399 lncRNAs
(Table S3).
We identified 2,977 DEGs (2,298 protein-coding
genes) by comparing EOSPE samples with controls,
while we only got 1,291 DEGs by comparing all PE
samples with controls, suggesting that a genetic
homogeneity within the EOSPE cases could have
increased the detection power. For the other two
subtypes, we found 375 DEGs (322 protein-coding
genes) between LOSPE samples and controls, and 42
DEGs (39 protein-coding genes) between LOMPE
samples and controls (Figure 2A and Figure S2A, and
Table S3). The large differences between the numbers
of DEGs in the three clinical subtypes (EOSPE, LOSPE
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and LOMPE) indicate that there are different
molecular mechanisms underlying the clinical
subtypes (Figure 2B). In general, we found more
up-regulated genes than down-regulated genes. The
numbers of up-regulated genes are 1.3~2.3 times
higher than those of down-regulated genes in the
three comparisons. We carried qPCR to validate some
of the differentially expressed genes (Figure 2C,
Figure S2B-C).
To assess the functional relevance of our dataset,
we compared our DEGs with 1,177 PE-associated
genes collected from the literature (Table S4). Most of
the reliable PE-associated genes which appear twice
or more in literature are recovered in our dataset
(Figure 2D). Of the 1,177 known PE-associated genes,
the DEGs in our dataset (protein-coding genes)
recover 31.7% (296/934), 59.9% (88/147) and 84.4%
(81/96) of those found once, twice, three or more
times in literature. The high consistence of our data
with well-reported PE-associated genes suggest high
quality of our dataset. These PE-associated genes
show significant enrichment in DEGs (protein-coding
genes) of EOSPE and LOSPE: 19.3% (P = 2.2e-16,
One-sided Fisher’s exact test) in all DEGs, 19.5% (P =
2.2e-16, One-sided Fisher’s exact test) in DEGs of
EOSPE, 26.7% (P = 2.2e-16, One-sided Fisher’s exact
test) in DEGs of LOSPE, and 7.7% (P = 0.4261,
One-sided Fisher’s exact test) in DEGs of LOMPE
(Figure 2E).
Because PE has the most significant consequence
on developmental brain impairments in offspring,
which lead to intellectual disability [17], epilepsy [18],
autism [19-21] and schizophrenia [22, 23], we
performed the enrichment analyses of schizophreniaassociated genes in DEGs, and found that the
disease-associated genes were significantly enriched
(Figure S2D). These results suggest that the
differentially expressed genes are not only associated
with PE, but also with consequence of PE on the
offspring in their later life.

Molecular pathways involved in PE
The large differences between DEGs observed in
EOSPE and LOSPE suggest that these two major
subtypes may have different molecular mechanisms.
To explore the associated pathways and molecular
functions of the DEGs of these two major subtypes,
we performed enrichment analyses on the Kyoto
Encyclopedia of Genes and Genomes (KEGG) and
Gene Ontology (GO) terms for the protein-coding
DEGs of EOSPE (2,298) and LOSPE (322) (Figure 3).
We found that 39 enriched pathways for EOSPE and
35 enriched pathways for LOSPE (Table S5).
Importantly, the enriched pathways for EOSPE and
LOSPE were largely distinct. Most of the enriched
http://www.thno.org
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pathways of EOSPE were involved with metabolism,
such as lysosomal function, AMPK signaling, tight
junction pathways, insulin signaling, fatty acid
elongation, galactose metabolism, alanine, aspartate
and glutamate metabolism pathways (Figure 3A),
many of which are reported to be associated with PE
in previous studies (Table S5). By contrast, most of the
enriched pathways of LOSPE were involved in
immune or autoimmune pathways, such as allograft
rejection, inflammatory bowel disease, rheumatoid
arthritis, HTLV-I infection and tuberculosis pathways
(Figure 3A). The immune genes HLA-DRB1,
HLA-DQA1, HLA-DRA, HLA-DPA1, HLA-DPB1 and
HLA-DMB were up-regulated in LOSPE, but not in
EOSPE. These results suggest that the two main
subtypes EOSPE and LOSPE may have different
underlying mechanisms. The subtype EOSPE may be
mainly caused by disturbance in metabolism, while
the subtype LOSPE by dysfunction of the immune
system in the placenta. The metabolic disturbances in
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EOSPE and the abnormal immune functions in
LOSPE may lead to changes in other related pathways
in the placenta. We obtained similar results in the
pathway enrichment analysis for DEGs of
EOSPE-only, LOSPE-only and shared DEGs between
the two subtypes (Figure S3A).
We further performed pathway enrichment
analysis for up-regulated and down-regulated DEGs
respectively, and found that the up-regulated genes
and down-regulated genes were involve in different
pathways in EOSPE (Figure S3A-B, and Table S5).
Very interestingly, synapse-related pathways (such as
‘Morphine addiction’, ‘Nicotine addiction and
‘GABAergic synapse’) and pathways related to
synaptic plasticity (such as ‘cGMP−PKG signaling
pathway’, ‘Retrograde endocannabinoid signaling’
and
‘Circadian
entrainment’
are
enriched
down-regulated DEGs of EOSPE (Figure S3A-B, and
Table S5). No enriched pathway for down-regulated
genes in LOSPE (Figure S3A and C, and Table S5).

Figure 2. Differentially expressed genes in preeclamptic placentae. (A) The differentially expressed genes (DEGs) for each group were identified using two methods,
DESeq2 and edgeR. The 4 comparisons of the RNA-seq data include: all PE samples vs. normal controls, EOSPE samples vs. controls, LOSPE samples vs. controls, or LOMPE
samples vs. controls. (B) The red bars represent up-regulated genes, the blue bars represent down-regulated genes and the grey bars non-coding genes. Numbers represent
DEGs in each group, and numbers in brackets represent protein-coding DEGs. (C) DEGs verified by qPCR. FOXO3: RNA-seq quantification boxplot at top-left panel and qPCR
validation result at bottom-left panel. SPX: RNA-seq quantification boxplot at top-right panel and qPCR validation result at bottom-right panel. (D) The enrichment of PE
associated genes in DEGs. PE-associated genes were curated from literature (Table S4). Of the genes that appear once, twice and three or more times in literature, 31.7%, 59.9%
and 84.4% were recovered by the DEGs we identified in PE. The X-axis represents the number of times of a gene reported in the literature, the Y-axis represents the fraction
of reported PE-associated genes under each category, with red bars representing fractions of PE-associated genes that appear once, twice, and three or more times in different
literature, and gray bars the expected fractions. (E) The enrichment of known PE-associated genes in protein-coding DEGs in EOSPE (2,298 genes), LOSPE (322 genes), LOMPE
(39 genes) and all DEGs (2,405 genes). We collected 1,177 PE-associated genes from the literature (Table S4 and Methods), and calculated the their enrichment in DEGs of
different groups: red bar represents the fraction of PE-associated genes in all DEGs (19.3%, P = 2.2e-16), purple bar EOSPE (19.5%, P = 2.2e-16), pink bar LOSPE (26.7%, P =
2.2e-16) and light-green bar LOMPE (7.7%, P = 0.4261), compared to gray bar which represents the expected ratio (6.1%) of 1,177 PE-associated genes to 19,351 human coding
genes (GRCH38.p12 ENSEMBL Gene V93). One-sided Fisher’s exact test was used to compare the nodes kept with the nodes removed. Error bars represent the standard error
of the fraction, estimated using bootstrapping method with 100 resamplings.

http://www.thno.org
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Figure 3. Enrichment of KEGG pathways and GO molecular function (MF) terms with differentially expressed protein-coding genes of EOSPE and
LOSPE. (A) Enriched KEGG pathways with protein-coding DEGs of EOSPE and LOSPE. To save figure space, “*” is used to label the shortened terms, and the complete terms
are: (1) Longevity regulating pathway – multiple species (2) Alanine, aspartate and glutamate metabolism (3) Epithelial cell signaling in Helicobacter pylori infection (4) AGE−RAGE
signaling pathway in diabetic complications (5) Proximal tubule bicarbonate reclamation (6) C-type lectin receptor signaling pathway (7) Protein processing in endoplasmic
reticulum (8) Intestinal immune network for IgA production (9) Human T−cell leukemia virus 1 infection. (B) Enriched GO MF terms with protein-coding DEGs of EOSPE and
LOSPE. Dots represent the enriched KEGG pathways or GO MF terms with description of each pathway and term; colors represent scale of P-values, the sizes of dots represent
ratio of DEGs in corresponding pathways and GO terms, and red stars indicate transporter terms in GO MF. To save figure space, “*” is used to label the shortened terms, and
the complete terms are: (1) Carbohydrate transmembrane transporter activity (2) Monosaccharide transmembrane transporter activity (3) Sugar transmembrane transporter
activity (4) Active transmembrane transporter activity (5) 3',5’-cyclic-GMP phosphodiesterase activity. Detailed information is listed in Table S5.

We also performed GO-term enrichment
analysis, and found that the DEGs in EOSPE were
involved in distinct molecular activities (GO-MF)
from those in LOSPE (Figure 3B). We detected
significant enrichment of DEGs of EOSPE in 16
molecular function terms of GO, including key
molecular activities in constituents of ribosomal
structure, differential sugar binding and transmembrane transporter activities, phosphatidylinositol
binding, adhesion-molecule binding, virus receptor
activities and molecular functions hijacked by virus
(Figure 3B). We detected significant enrichment of
DEGs of LOSPE in only 5 molecular function terms of
GO, three of which are involved in the immune

response, and the other two terms are growth factor
binding and 3’,5’-cyclic-GMP phosphodiesterase
activity (Figure 3B). These results are consistent with
the results of pathway enrichment analysis we
showed above (Figure 3A): the major molecular
disturbance in the placenta of EOSPE may be
involved
in
abnormal
metabolism,
while
predominated functional impairment in LOSPE may
be involved in immune-function abnormalities. The
results of enrichment analyses on biological process
(BP) terms and cellular component (CC) terms of GO
support the same conclusion (Figure S3D-E, and Table
S5).
http://www.thno.org
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Transporter genes involved in PE
Because the DEGs of EOSPE were enriched in
many transmembrane transporter activities of GO MF
terms (Figure 3B), we collected 1,554 transporter
genes by searching The Gene Ontology (GO) database
with key words “transporter”, “carrier” or “substrate
exchanging” in order to further look into the
dysregulated molecular transportation in the placenta
of EOSPE patients (Table S6). We found 13.2% (205 of
1,554) transporter genes in DEGs of EOSPE, and only
1.5% (23/1,554) transporter genes in DEGs of LOSPE
(Figure 4B and Table S6). Notably, these transporter
genes were significantly enriched in the DEGs of the
EOSPE (P = 0.027, One-sided Fisher’s exact test), but
not in LOPSE (P = 0.723, One-sided Fisher’s exact test)
(Figure 4B).
The 205 transporter genes in DEGs of EOSPE
were enriched in 397 GO biological process (BP) terms
(Adjusted P ≤ 0.05, hypergeometric test from
ClusterProfiler Package). For these genes, we
constructed a GO-term-to-gene bipartite network for
all enriched BP terms, which contained 5 groups of
functionally related genes (Figure 4C and Table S7).
Group I contains genes involved in different ion
channels, some of which were previously reported to
be associated with PE, e.g. ATP1A1, CACNA1D,
CALM1, EHD3, FGF12, KCNE1, KCNH5, NOS1AP,
PDE4D, SCN1B, SCN4B and SRI (Table S7); group II
contains genes involved in macro-autophagy, which
was also previously proposed to be involved in PE
[51, 52], such as some up-regulated genes ATP6V1B1,
ATP6V1C2, ATPV1D1, ATP6V0A1, ATP6V0E1, and
ATP6V0D1; group III, genes in transmembrane
transportation of hexose, fatty acids, amino acids,
vitamins, organic anions and mitochondrial
components; group IV, genes in transmembrane
transportation, storage or homeostasis of lipids,
sterols, cholesterol and phospholipids, and group V,
genes in transportation of hormone, response of
cAMP and drug, secretion of insulin and protein.
(Figure 4C). The detailed information of all five
groups is included in the Supplemental material
(Table S7). We also performed pathway enrichment
analysis for these 205 differentially expressed
transporter genes in EOSPE and found that these
genes were enriched in 34 pathways (Figure S4 and
Table S7), which are consistent with the five
functional groups in GO-term analysis (Figure 4C).
Some of these pathways are known to be involved in
PE, such as oxidative phosphorylation [43], ABC
transporter pathway [53] and circadian entrainment
pathway [54].
The 23 transporter genes in the DEGs of LOSPE
were enriched in 93 GO biological process terms
(Adjusted P-value ≤ 0.05, hypergeometric test from
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ClusterProfiler Package). We also constructed a
GO-term-to-gene-bipartite network for these 93 terms,
which contained 2 groups of functionally related
genes (Figure 4D). The group A contains 15 genes
involved in ion channels, and group B only contains 8
genes involved in transportation of chloride,
carboxylic acid, cAMP and anion.
The placenta serves as a molecular barrier
between maternal and fetal circulation, and
transmembrane transporters play a key role in the
placental exchange function. On one hand, the fetus
receives nutrients from the mother, such as
carbohydrates, lipids, amino acids, vitamins and
minerals for adequate development and growth, and
on the other hand, the fetus can drain waste products
via efflux processes into the maternal circulation [55].
The dysregulation of the quantity, density and
activity of membrane transporters could impact the
nutrient supply and consequently affect fetal
development. We consistently observed low birth
weight (LBW) and fetal growth restriction (FGR) in
90% (9 of 10) of the babies born by EOSPE patients
and 53% (8 of 15) of the babies born by LOSPE
patients (Table S1). The weights of babies in EOSPE
group were significantly lower than those of babies in
LOSPE group (Table S1).

Key regulators involved in PE
We want to know if the distinct differential gene
expression patterns in EOSPE and LOSPE might be
due to the activity of a set of transcription factors
(TFs). We predicted TF-binding motifs for the DEGs
of EOSPE and LOSPE using HOMER, and obtained 23
and 9 enriched motifs for the two sets of DEGs. In
EOSPE, 23 motifs were found in 2,359 DEGs (78.90%)
including 2,200 protein-coding genes (95.74%). In
LOSPE, 9 motifs were found in 301 DEGs (80.27%)
including 289 protein-coding genes (89.7%) (Figure
5A and Figure S5A). After manually checking human
genes with enriched motifs, we constructed the
TF-targets networks for the EOSPE and LOSPE (Table
S8). TFs such as BCL6, E2F1, HIF1A, HNF1B and
PRDM1 target the up-regulated DEGs EOSPE, and
TFs such as CUX1, IRF4, PBX2 and TCF4 target the
down-regulated DEGs in EOSPE, while the other 14
TFs target both up-regulated and down-regulated
genes (Figure 5B). In LOSPE, HOXD11, IRF1, LHX3,
NKX2-5, ONECUT1 and SOX17 target upregulated
genes, and no TFs target the down-regulated DEGs
(Figure S5B). Moreover, TFs such as BCL6, ATF3,
BATF, FOSL2 also show significant differential
expression in the EOSPE. Some of these TFs are well
documented to be involved in preeclampsia. For
example, BCL6 is reported to associate with PE in
multiple studies [56, 57], and HIF1A is also well
http://www.thno.org
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known to be involved in PE [58, 59]. These results
suggest that only small number of TFs may regulate
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many functional genes in PE.

Figure 4. Functional classification of differentially expressed transporter genes. (A) The overlapping genes between the transporter genes and DEGs. Of the
identified transporter genes, 205 were differentially expressed in EOSPE and 23 genes in LOSPE. (B) Fraction of transport genes in DEGs. The transporter genes were collected
from Gene Ontology. Gray bar represents the expected fraction (7.87%) of transporter genes in all GO annotated genes (19,738), the fraction of transporter genes in the DEGs
of EOSPE samples (8.92%), the DEGs of LOSPE (7.14%). The transporter genes were significantly enriched in the DEGs of EOSPE, but not in LOSPE. One-sided Fisher’s exact test
was used to calculating the P-values. Error bars represent the standard error of the fraction, estimated using bootstrapping method with 100 resamplings. (C) Gene-GO term
bipartite network for enriched GO BP terms and DEGs in EOSPE and LOSPE. Blue dashed circles show 5 biological process clusters involved in different transportation processes
of substrates and materials. Group I: ion channels; group II: macro-autophagy; group III: transmembrane transportation of nonlipid nutrients; group IV: transmembrane
transportation of lipids; group V in transportation of hormone. In the LOPSE, the group A: ion channels; group B: transportation of chloride, carboxylic acid, cAMP and anion. Blue
dashed circles show 2 biological process clusters. Red nodes represent up-regulated transporter genes and blue nodes down-regulated transporter genes, and yellow diamond
nodes represent GO BP terms. The edges indicate the GO BP terms the genes belong to.

http://www.thno.org
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Figure 5. Identification of critical transcription factors that contribute to the dysregulation of pathways involved in EOSPE. (A) Transcription factor-binding
motifs were searched in the DEGs of EOSPE using HOMER. Of 2977 DEGs in EOSPE, 79% (2349/2977) were predicted to be targeted by 23 TFs. (B) TF-targets network for the
DEGs of EOPSE. Of the 23 enriched TFs (the triangles), 5 TFs (pink circles) target the up-regulated DEGs, 4 TFs (blue circles) target the down-regulated DEGs, and 14 TFs (purple
circles) target the both up- and down-regulated DEGs. The up-regulated targets are in the red nodes (1454), and the down-regulated targets are in the blue nodes (895). (C) The
Sankey diagram showing the relationship between TFs and the enriched pathways with its targets. Enrichment analysis was performed on the targets of each TF. A total number
of 34 enriched pathways (the right column) were found for 10 TFs (colored column in the left). The binding motifs corresponding to TFs are listed on the left. The orange color
in the right bar indicates the pathways that are overlapped with those enriched with DEGs of EOSPE (Figure 3A), and the light blue color in the right bar indicates the pathways
that are newly found enriched pathways with the targets of TFs. (D-E) ‘TF-Target-Pathway bipartite networks’ for TFs BCL6 and HIF1A. Most of BCL6 targeting DEGs are involved
in three KEGG pathways (D). The HIF1A targeting DEGs are involved in two pathways (E). Circles: non-TF genes; triangles: TFs; yellow diamonds: KEGG pathways; red:
up-regulation; blue: down-regulation; light blue: no expression change.
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We further searched enriched biological
pathways for the differentially expressed targets of
each TF. Of the 23 TFs found for DEGs of EOSPE, 10
TFs have a total number of 39 enriched KEGG
pathways. We constructed a Sankey diagram to
illustrate the TFs and their potential downstream
pathways, showing a potential collaborative
regulation between these TFs (P ≤ 0.05, Figure 5C and
Table S8). For example, BCL6 and HIF1A
collaboratively may regulates ‘HIF1 signaling
pathway’, which is well known to be involved in PE
[60, 61]. BCL6, E2F1, HOXD11 and PRDM1 may
collaboratively regulate ‘ribosome pathway’, which is
another critical pathway in the pathogenesis of PE [62,
63] and is the most significantly dysregulated in
EOSPE (Figure 3A). We constructed ‘TF-TargetPathway bipartite networks’ for each TF (Figure 5D-E
and Figure S6). BCL6 regulates the differentially
expressed targets of three critical pathways for PE
(Figure 5D). HIF1A regulates two critical pathways for
PE (Figure 5E). These results suggest that further
studies on these 10 TFs and their targeting pathways
would possibly illustrate some mechanisms
underlying EOSPE. Of the 9 TFs identified in LOSPE,
7 TFs have 32 enriched KEGG pathways (P ≤ 0.05,
Table S8). The Sankey diagram for TFs and their
potential
downstream
pathways
shows
a
collaborative regulation between TFs (Figure S5C).
We further constructed ‘TF-Target-Pathway bipartite
networks’ for TF HOXD11 and SOX21. The HOXD11
may regulate 19 pathways and SOX21 two pathways.
These pathways are related to immune and
inflammation functions (Figure S5D-E). These results
imply that a small number of key TFs may largely
determine the pathway dysregulation in the placenta
of both EOSPE and LOSPE.

Discussion
Patients with PE display a wide range of
symptoms. Early-onset PE patients usually have
severe symptoms; among the late-onset PE patients,
however, some show severe symptoms, while others
are only mildly affected. Although the clinical
characteristics of PE can be measured, the underlying
molecular bases for the clinical subtypes are not
known. Previous studies on placentae of PE patients
only found a small number of dysregulated genes due
to small sample sizes and no distinguishing of clinical
subtypes [41, 46, 51]. These studies point to some
abnormal molecular processes, such as defective
angiogenesis [64, 65], hypoxia [59, 66, 67] and
inflammation [42, 68, 69], but they have not
unambiguously define the different molecular
pathways involved in the clinical subtypes. A study
on classified samples based on clinical characteristics
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are needed to identify the genes underlying the
differential pathogenesis of the PE subtypes. In order
to systematically search for genes involved in clinical
PE subtypes, we collected placental tissues between
the chorionic and maternal basal surfaces of placentae
from patients with classical presentation of
preeclampsia, which were grouped into three clinical
subtypes: early-onset severe PE (EOSPE), late-onset
severe PE (LOSPE) and late-onset mild PE (LOMPE)
(Table S1). Our identification of the distinct molecular
processes involved in the clinical subtypes was based
on initial classification and comparison of RNA-seq
data of the well classified samples. Because we
noticed that the blood could not be removed from
placental tissues during sample collection, which
might be one factor affecting previous transcriptomic
analyses, we removed cord-blood contamination
using a computational method based on RNA-seq
data of whole cord-blood samples (Table S2).
In the principal component analysis (PCA) and
sample clustering analysis, the EOSPE samples
clustered together, separating themselves from
LOSPE and LOMPE samples (Figure 1B). We divided
the 33 PE samples into three groups (EOSPE, LOSPE
and LOMPE) for transcriptome analysis, and carried
out analyses on both divided and undivided samples
and found that analysis on divided samples gave
better results (Figure 2A). Although dividing samples
by subtypes resulted in smaller sample size which
might affect the analysis, we obtained better results on
divided samples probably due to higher genetic
homogeneity. We carried out comparisons between
the placental transcriptomes of the three clinical
subtypes and normal samples (EOSPE vs. normal,
LOSPE vs. normal and LOMPE vs. normal) to identify
the differentially expressed genes in the three clinical
subtypes.
Surprisingly,
EOSPE
had
2,977
differentially expressed genes (2,298 protein coding
genes), while LOSPE had only 375 (322 protein coding
genes), indicating different molecular mechanisms for
these two subtypes (Figure 2A); both data sets,
however, showed significant enrichment of
previously reported PE-associated genes (Figure 2C).
Moreover, LOMPE had only 42 differentially
expressed genes that showed no enrichment for the
previously reported PE-associated genes (Figure 2C),
suggesting a lesser degree of involvement of genetic
factors in the pathogenesis of mild PE. Although the
pregnancies of all EOSPE patients and some LOSPE
patients were terminated before full-term delivery,
which might affect the genes expression in the
placenta, the DEGs between PE placentae and normal
subjects are validated by the PE-associated genes from
literature (Figure 2D). Most interestingly, we found
distinct molecular pathways involved in the two
http://www.thno.org
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major subtypes of PE: metabolisms and related
activities in the EOSPE and immune activities in
LOSPE (Figure 3). More enrichment of immune
pathways in LOSPE is in consistent with the increased
C-reactive proteins (Figure S1A) and increased C1q
and C4d in the serum of LOSPE patients [2].
However, different from previous findings that
EOSPE is impacted by immune imbalance [2], our
results suggest that EOSPE are associated with
dysregulated
metabolic
pathways.
These
PE-associated pathways were predicted to be
regulated by 23 transcription factors in EOSPE and 9
TFs in LOSPE (Figure 5), which might be the driver
genes during the abnormal development of the
placenta of PE patients. Some of these transcription
factors such as BCL6 and HIF1A are well known PE
candidate [56-58]. These small number of key
regulators collaboratively regulate the downstream
pathways through modifying gene transcription. For
example, BCL6 and HIF1A may together regulates
‘HIF1 signaling pathway’, a pathway well known to
be involved in PE [56-61, 70]. BCL6, E2F1, HOXD11
and PRDM1 may cooperatively regulate ‘ribosome
pathway’, which is the most significantly
dysregulated in EOSPE (Figure 3A) and reported to be
a critical pathway in the pathogenesis of PE [62, 63].
Therefore, further investigating these key regulators
may help illustrate the molecular mechanisms of PE.
As the placenta is the supporting system for a
developing embryo, the widespread gene expression
change in placentae of PE patients might have
profound effects on the development of the fetuses
and the health of the offspring in later life.
Accumulating evidences point to association of
preeclampsia with brain developmental disorders,
including intellectual disability [17], epilepsy [18],
autism [19-21] and schizophrenia [22, 23]. It might be
partially due to the placenta-derived factors that
affects the development of the brain and thus leads to
complex brain disorders [23, 71]. Ursini et al found
that, for some loci of schizophrenia, the association
between genetic risk and schizophrenia is affected by
complicated pregnancies, and the gene set within
these loci are differentially expressed in placentae
from complicated in comparison with normal
pregnancies [23]. In order to investigate to what
extent the differentially expressed genes in PE may be
also involved in schizophrenia, we collected 3,437
schizophrenia-associated genes from
classical
schizophrenia databases and literature, and found
that the schizophrenia-associated genes are
significantly enriched in DEGs of EOSPE (P = 1.4e-4,
One-sided Fisher’s exact test) and LOSPE (P = 0.01,
One-sided Fisher’s exact test) (Figure S2D). The
synapse-related pathways, such as ‘GABAergic
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synapse’, and pathways involved in synaptic
plasticity, such as ‘cGMP−PKG signaling pathway’,
are enriched down-regulated DEGs of EOSPE, but not
in LOSPE (Figure S3A-B, and Table S5), suggesting
that EOSPE might increase the risk of psychiatric
disorders in the offspring.
Taken
together,
this
study
provides
molecular-level evidences that EOSPE and LOSPE are
two different subtypes with distinct underlying
molecular mechanisms, while LOMPE may not be due
to placental factors. Expression of metabolism-related
genes is significantly affected in EOSPE, whereas in
LOSPE it preferentially involves the expression of
immune-related genes. Notably, the transporter genes
dysregulated in EOSPE may cause abnormal
molecular exchange between maternal and fetal
circulation, leading to fetal growth restriction. The
predicted TF-binding motifs in differentially
expressed genes demonstrate that only a small
number transcription factors may serve as driving
genes, causing differential expression of a larger
number of genes in EOSPE and LOSPE. The key
regulators collaboratively may regulate critical
pathways involved in EOSPE and LOSPE. These
findings provide basis for further studying the
distinct mechanisms underlying two major PE
subtypes, which could potentially lead to more
effective therapies to target different subtypes.

Methods
Sample collection and criteria for grouping PE
cases into different clinical subtypes
We collected the tissue samples at the
Department of Obstetrics & Gynecology of Nanfang
Hospital in China from January 2015 to July 2016. The
clinical characteristics of each patient were extracted
from the medical records, which strictly followed the
American Board of Obstetrics and Gynecology,
Williams Obstetrics 24th edition. Samples of placental
tissues were collected from the mid-section placental
tissues of the placenta, between the chorionic and
maternal basal surfaces, at four different positions
within 5 minutes after delivery. These placental
tissues were placed into RNAlater® solution and
stored at -80 °C. This research has been approved by
the Ethnics Board of Nanfang Hospital of Southern
Medical University, and all patients have signed the
informed consent.
The diagnostic criteria for preeclampsia (PE)
were: new-onset hypertension (systolic blood
pressure ≥ 140 mmHg and/or diastolic blood pressure
≥ 90 mmHg) on at least 2 occasions at least 4 hours
apart after 20 weeks of gestation, accompanied by one
or more of the following features: proteinuria (≥ 0.3
http://www.thno.org
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g/24 hours or more, or ≥ 2+ on dipstick analysis of
urine), maternal organ dysfunction (including renal,
hepatic and neurological), or hematological
involvement such as thrombocytopenia, and/or
uteroplacental dysfunction, such as fetal growth
restriction [1, 72]. The “preeclampsia with severe
features” or briefly “severe PE” was diagnosed if
patients with PE have systolic blood pressure ≥160
mmHg and/or diastolic blood pressure ≥110 mmHg
on 2 occasions at least 4 hours apart while the patients
is on bed rest, accompanied by one or more of the
following symptoms: significant proteinuria of ≥
5g/24 hours or ≥ 3+ on urine dipstick, liver function
deterioration, thrombocytopenia (platelet count <
100,000/microL), oliguria (≤ 500 ml in 24 hour),
creatinine ≥ 1.1 mg/dL or a doubling of the serum
creatinine, cerebral or visual disturbances [73].
According to gestational age at its diagnosis, PE can
be classified into early-onset (< 34 weeks) and
late-onset (≥ 34 weeks) [74, 75]. Although other
gestational age cut-offs have been suggested, 34
weeks remains the most commonly used [76, 77],
presumably as the rate of neonatal morbidities
declines considerably after reaching this time point.
The date of onset was defined as the gestational age
when both blood pressure and proteinuria criteria
were first diagnosed. All women delivered by
C-section without labour were included. Exclusion
criteria included pregnancies in women with a
previous history of essential hypertension (chronic
hypertension), type-I or type-II diabetes, thyroid
insufficiency,
cardiovascular
disease,
chronic
inflammatory, or chronic renal disease, hepatitis, and
chorioamnionitis. The pregnancies with gestational
hypertension and/or preterm delivery (before 37
weeks + 0 days of pregnancy) were considered as
exclusion criteria for the controls. Other exclusion
criteria included consecutive miscarriages (≥ 2
pregnancy losses) and/or fetal anomaly. Considering
that the patients with twin pregnancies did not show
more severity of PE symptoms, the 9 pregnancies (4
with PE and 5 normal) with twins were not excluded
from both controls and PE samples.
Based on the criteria described above, we
grouped our PE patients into three clinical subtypes:
(1) early-onset severe PE (EOSPE): new-onset
hypertension (systolic blood pressure ≥160 mmHg
and/or diastolic blood pressure ≥110 mmHg) with
significant proteinuria ( ≥ 5g/24 hours or 3+ on urine
dipstick) before 34 weeks of gestation, and with one or
more severe features (such as liver function
deterioration, thrombocytopenia); (2) late-onset
severe PE (LOPSE): similar symptoms as EOSPE, but
new-onset after 34 weeks of gestation; (3) late-onset
mild PE (LOMPE): new-onset hypertension
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accompanied proteinuria after 34 weeks of
pregnancies without severe features described above.
The summary of clinical characteristics of these three
clinical subtypes and comparisons between the
subtypes were listed in Table S1.

RNA-seq
Total RNA was isolated using the RNeasy® Plus
Universal Mini Kit (Qiagen) according to the manual
protocol. RNA-seq was carried out at Berry Genomics
Corporation (Beijing, China). Briefly, RNAs with
polyA tails were isolated, and double-stranded cDNA
libraries were prepared using TruSeq RNA Kit
(Illumina) followed by paired-end sequencing using
Illumina Hiseq 2500. In order to computationally
remove the cord blood contamination, RNA-seq was
also done on two samples of cord blood. The reads
from the clean data of RNA-seq were aligned to the
human reference genome (hg38) with STAR [78] and
counted using HTSeq [79] with union mode. Raw
counts for annotated genes (protein coding genes,
rRNA, microRNA, LncRNA, pseudogenes and so on)
in the General Transfer Format (GTF) annotation file
were obtained. The reference genome sequence and
GTF annotation files were downloaded from the
Ensembl website (http://asia.ensembl.org/index.
html) in the alignment and counting reads steps.
Annotation information, such as gene location,
gene types, gene symbols, for differential expression
genes were extracted from EnsDb.Hsapiens.v86
package. Four brief categories of gene biotypes were
divided following the table listed on the GENCODE
website page (https://www.gencodegenes.org/
gencode_biotypes.html). Gene Ontology terms
overrepresentation, Disease Ontology, Pathway and
functional
annotation
analyses
were
used
clusterProfiler [80] and DOSE [81] packages. All
analyses were done in R-platform, and all packages
and public datasets were listed in Table S9.

Computational removal of blood
contamination
The contaminated cord blood cells could not be
totally washed from the placenta tissue samples, so
the extracted RNAs contained some from cord blood
cells. To better study the difference in gene expression
of placenta tissues between PE patients and controls,
we removed the contamination using the expression
level of a cord blood marker gene for normalization.
Cord blood samples from two normal pregnancy
women were sequenced using the same RNA-seq
method. Differentially expressed gene analysis was
applied to two cord blood samples against two
normal placenta samples to identify marker genes for
cord blood cells. We used the Hemoglobin Subunit
http://www.thno.org
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Mu (HBM), a subunit of hemoglobin that is
specifically expressed in red blood cells, and
recalibrate the raw count of genes accordingly in the
following equation:
geneXactual = geneXplacenta – geneXcord blood ×
(HBMplacenta/HBMcord blood)
The raw counts of genes in each sample before
and after removing blood contamination were
showed in Table S2.

Clustering analysis of PE samples only
The EOSPE samples were separated from other
samples in clustering, whereas LOMPE and LOSPE
samples were clustered together with normal samples
(Figure 1B). To explore clusters of PE samples, we
performed clustering analysis on PE samples only,
including EOSPE, LOSPE and LOMPE samples,
excluding normal samples. The top 500 most
variances (genes) across all PE samples were used for
clustering (Figure S1B). All of the LOMPE samples
and most of the LOSPE samples clustered together on
the left side of the graph as cluster-1, whereas all
EOSPE samples clustered on the right side as
cluster-2, together with the four LOSPE samples. In
addition, we carried out a comparison of the clinical
characteristics of the patients between the two clusters
and detected significant differences in blood pressure,
gestational age of delivery, baby weight, FGR or LBW
and proteinuria (Table S1). Of the 14 babies (13
placenta samples) in subclass-2, 12 babies (85.7%) had
FGR or LBW, whereas 10 of 20 babies (50%) had FGR
or LBW in subclass-1. The mean length of gestation in
two clusters were 264 (37.7 weeks) and 228.8 (32.5
weeks), and patients in the two clusters showed
different weeks at onset of PE. The quantification of
proteinuria in the two clusters also had significant
differences. In other words, PE samples in cluster-1
showed late-onset, relatively moderate symptom, and
less harmful outcomes; PE samples in cluster-2
showed early-onset, more severe symptom, and
worse outcomes.

Methods for identifying differentially expressed
genes (DEGs)
Two widely used tools in R platform, DESeq2
[82] and edgeR [83], were applied to determine
differential expression genes in different comparisons.
The genes with at least 1 count in every samples were
used in DESeq2 method and the genes with CPM
(Counts Per Million) value larger than 1 in at least one
sample were used in edgeR method.
Samples similarity in each group was calculated
using all information of expressed genes (raw count of
gene in all samples is more than 1) for heat-map, and
top 500 genes with the biggest variations were used
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for PCA analysis. Four comparisons between the
clinical subtypes of PE patients were carried out using
both DESeq2 and edgeR: (i) all PE placental samples
(n = 33) versus all normal placental samples (n = 32);
(ii) late-onset mild PE placental samples (n = 9) versus
all normal placental samples; (iii) early-onset severe
PE placental samples (n = 9) versus all normal
placental samples; and (iv) late-onset severe PE
placental samples (n = 15) versus all normal placental
samples (Figure 2). Adjusted P-value in DESeq2 and
FDR in edgeR were used together to determine
whether a gene is differentially expressed. If adjusted
P-value ≤ 0.05 of one gene under DESeq2 and FDR ≤
0.05 under edgeR, the gene was considered as
differentially expressed in between two groups of
samples. The intersections of differential expression
genes from these two methods were taken as the final
results of each comparison. Because we only
identified a very small number of the differential
expression genes in LOMPE, we merge the results of
DESeq2 and edgeR as the final results in the
comparison of LOMPE samples with normal samples.
The numbers of differentially expressed genes
identified by the two methods and gene biotypes were
showed in Figure S2A and Table S3.

The DEGs overlapped with PE-associated
genes from the literature
There were a lot of studies to investigate
differentially expressed genes compared normal
placenta tissues with PE placenta tissues. Due to small
sample sizes and undistinguished subtypes of PE
samples in previous transcriptomic studies, the
differentially expressed genes in PE have not been
well defined. To increase the sample sizes, several
meta-analyses on reported microarray datasets were
published since 2012 [84-89]. In 2015, Kaartokallio et
al reported the first RNA-seq study on PE [50]. To
obtain a consensus PE-associated genes, we collected
1,177 genes from literature, including 6 meta-analysis
papers [84-89], 1 literature-curation paper [90] and 1
RNA-seq research paper [50]. These 1,177 genes are
PE-associated genes and information for genes were
listed in Table S4.

Pathway enrichment analysis for DEGs of
EOSPE-only, LOSPE-only and shared genes
The numbers of differentially expressed
protein-coding genes are 2,061 in EOSPE-only, 85 in
LOPSE-only and 237 in common (Venn diagram in
Figure S3A). KEGG pathway enrichment analysis was
done by clusterProfiler package [80]. The cutoff of
q-value ≤ 0.2 was chosen to select most significantly
enriched pathways (Figure S3A). There 39 enriched
pathways for EOSPE-only DEGs, 35 for LOSPE-only
http://www.thno.org
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DEGs, and 7 for shared DEGs.
The pathway enrichment for up-regulated and
down-regulated DEGs in both EOSPE and LOPSE
were done using the same method (Figure S3B-C).

GO terms enrichment analysis for DEGs of
EOSPE and LOSPE
Gene Ontology terms, (BP, CC and MF)
enrichment analyses were also using clusterProfiler
package [80], and the q-value ≤ 0.05 and adjusted
P-value ≤ 0.05 were set as cutoff to select most
significantly enriched terms. The DEGs of EOSPE
were statistically significant enriched in 248 terms of
biological process (BP), 51 cellular component (CC)
and 16 molecular function (MF). The DEGs of LOSPE
were statistically significant enriched 169 terms of BP,
22 of CC and 5 of MF. The overlap of three categories
of enriched GO terms are 63 (BP), 4 (CC) and 0 (MF)
between DEGs of EOSPE and LOSPE, and most of
enriched terms are different in EOSPE and LOSPE
(Figure S3D-E, and Table S5).
We used semantic similarity-based method
(REVIGO) [91] to summarize the enriched GO terms
in the tree components. For EOSPE, 199 of 248 BP
terms were summarized into 14 representative
entries. The first representative entry is the
nuclear-transcribed mRNA catabolism, containing 55
terms. The second is SRP-dependent co-translational
protein targeting to membrane, containing 42 terms.
Other entries include stress-activated protein kinase
signaling cascade, regulation of macro-autophagy,
response to metal ion, estrogen and insulin, and
superoxide metabolism. For LOSPE, however, 130 of
169 BP terms were summarized into 11 representative
entries. The first entry is positive regulation of cell
adhesion, containing 57 terms, and the second entry
was response to interferon-gamma, containing 27
terms. Other entries include response to oxygen
levels, temperature homeostasis, epithelial cell
proliferation, and synapse organization.
The Enriched CC and MF terms in EOSPE and
LOSPE also showed considerable difference (Table
S5). This suggested that besides ‘canonical pathways’
such as HIF-1 signaling pathway, the enriched terms
are associated with metabolisms, substrates transport
in EOSPE, whereas enriched terms are associated with
immune functions in LOSPE.
We found that there are 5 terms of MF enriched
in EOSPE DEGs are related to glucose/carbohydrate
transport, and 20 terms of BP enriched in EOSPE
DEGs are also associated with
materials
transmembrane transporters, while 17 terms of BP
enriched in LOSPE DEGs are associated with
transporters.
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Clustering analysis for GO-term-to-genebipartite networks for differentially expressed
transporter genes of EOSPE and LOSPE
We found that transporter genes were
significantly enriched in the DEGs of the EOSPE (P =
0.027) compared with all annotated human genes
(19,738) in GO, but not significantly enriched DEGs of
the LOSPE (P = 0.723). There were 205 and 23
transporter genes involved in 397 and 93 GO
biological process (GO BP) terms in EOSPE and
LOSPE respectively. To summarize the enriched BP
terms, we firstly constructed GO-term-to-genebipartite networks for EOSPE and LOSPE in
Cytoscape using yfiles organic layout. Then we
calculated Jaccard score using number of shared
genes in the terms, and clustered terms into several
clusters based on shared genes. Combining the layout
of networks and the results of clustering analysis, 5
and 2 groups of GO BP terms were manually
determined for EOSPE and LOSPE, respectively. All
enriched BP terms in differentially expressed
transporter genes of the EOSPE and the LOSPE were
listed in Table S7.

Transcription factors and target genes
HOMER (Hypergeometric Optimization of Motif
EnRichment) [92] was used to search for transcription
factor biding sites in DEGs of EOSPE or LOSPE (Table
S8).

Schizophrenia associated genes enriched in
the DEGs of the EOSPE and LOSPE
Abnormal intra-uterine environment is an
important status of preeclampsia, and our data
showed that 90% and 58% babies born by EOSPE and
LOSPE patients had FGR/LBW. Recently, a
meta-analysis reported that hypertensive disorders of
pregnancy may be associated with an increase in the
risk of ASD (autism spectrum disorder) and ADHD
(attention-deficit/hyperactivity
disorder)
[71].
Weinberger’s study showed that the set of genes
within genomic risk loci for schizophrenia that have
interaction with intra-uterine and perinatal
complications is highly expressed in placenta [23].
Other studies also demonstrated that preeclampsia
was associated with increased risk of offspring
schizophrenia [93].
To investigate the relationship between
preeclampsia and schizophrenia, we collected 3,437
schizophrenia-associated genes from
classical
schizophrenia databases and literature [94-100]. Since
increasing evidences demonstrate the association of
preeclampsia with schizophrenia, we want to know if
the differentially expressed genes are enriched for
schizophrenia associated genes. In our dataset, the
http://www.thno.org
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protein coding DEGs (2,405, including DEGs from
EOSPE, LOSPE and LOMPE), DEGs of EOSPE (2,298)
or LOSPE (322) were significant enriched for
schizophrenia-associated genes: 20.7% (497/2,405, P =
5.0e-5), 20.54% (472/2,298, P = 1.4e-4), 22.98% (74/322,
P = 0.01), compared with the expected 17.8% (the ratio
3,437 schizophrenia associated genes to 19,351
annotated human coding genes). In protein coding
DEGs of LOMPE, there is no significant enrichment of
schizophrenia associated genes (15.4%, P > 0.5)
(Figure S2D).

Abbreviations
ADHD: attention-deficit/hyperactivity disorder;
ASD: autism spectrum disorder; BP: biological
process; CC: cellular component; CRP: C-reactive
protein; DEGs: differentially expressed genes; EOSPE:
early-onset severe PE; FGR: fetal growth restriction;
GO: Gene Ontology; GTF: General Transfer Format;
HBM: Hemoglobin Subunit Mu; KEGG: Kyoto
Encyclopedia of Genes and Genomes; LBW: low birth
weight; LOMPE: late-onset mild PE; LOSPE:
late-onset severe PE; MF: molecular function; PCA:
principal component analysis; PE: Preeclampsia; TFs:
transcription factors.

Supplementary Material
Supplementary figure and table legends.
http://www.thno.org/v11p5028s1.pdf
Supplementary figures.
http://www.thno.org/v11p5028s2.pdf
Supplementary table 1.
http://www.thno.org/v11p5028s3.xlsx
Supplementary table 2.
http://www.thno.org/v11p5028s4.xlsx
Supplementary table 3.
http://www.thno.org/v11p5028s5.xlsx
Supplementary table 4.
http://www.thno.org/v11p5028s6.xlsx
Supplementary table 5.
http://www.thno.org/v11p5028s7.xlsx
Supplementary table 6.
http://www.thno.org/v11p5028s8.xlsx
Supplementary table 7.
http://www.thno.org/v11p5028s9.xlsx
Supplementary table 8.
http://www.thno.org/v11p5028s10.xlsx
Supplementary table 9.
http://www.thno.org/v11p5028s11.xlsx

Acknowledgements
We thank the patients for their generous support
for this study.

5042
Ethics approval and consent to participate
This research has been approved by the Ethnics
Board of Nanfang Hospital of Southern Medical
University, and all patients have signed the informed
consent.

Data availability statement
RNA-seq data are going to be deposited at GEO
and will be available. All data generated or analysed
during this study are included in this published
article and its supplementary information files. All
renewable reagents and detailed protocols will be
available upon request.

Funding
This study was supported by the National Key
Programs for R&D Grant No. 2018YFA0507800,
2018YFA0507803, and GDSTC | Science and
Technology Planning Project of Guangdong Province
(S&T Project of Guangdong Province) (No.
2017B020227010 and No. 2015B050501006) and
National Natural Science Foundation of China
(No.31771434, No. 81671466, No 81471464 and No.
81771609).

Author Contributions
Conception and design: Xinping Y; Recruitment
of the patients and normal subjects: Yunfei G and Mei
Z; Sequencing data analysis: Zhonglu R, Yue G,
Guanmei L and Xiaoxue Y; Sample collection:
Haizhen W, Jing W; RNA extraction and validation
experiments: Qian C, Sijia J, Cuixia F and Yi-Wu S;
Manuscript writing: Zhonglu R, Yunfei G, Yue G,
Guanmei L and Xinping Y. All authors read and
approved the final manuscript.

Competing Interests
The authors have declared that no competing
interest exists.

References
1.

2.
3.
4.
5.
6.
7.
8.

Brown MA, Magee LA, Kenny LC, Karumanchi SA, McCarthy FP, Saito S, et
al. Hypertensive Disorders of Pregnancy: ISSHP Classification, Diagnosis, and
Management Recommendations for International Practice. Hypertension.
2018; 72: 24-43.
Aneman I, Pienaar D, Suvakov S, Simic TP, Garovic VD, McClements L.
Mechanisms of Key Innate Immune Cells in Early- and Late-Onset
Preeclampsia. Front Immunol. 2020; 11: 1864.
Mol BWJ, Roberts CT, Thangaratinam S, Magee LA, de Groot CJM, Hofmeyr
GJ. Pre-eclampsia. Lancet. 2016; 387: 999-1011.
Raymond D, Peterson E. A critical review of early-onset and late-onset
preeclampsia. Obstet Gynecol Surv. 2011; 66: 497-506.
Herzog EM, Eggink AJ, Reijnierse A, Kerkhof MA, de Krijger RR, Roks AJ, et
al. Impact of early- and late-onset preeclampsia on features of placental and
newborn vascular health. Placenta. 2017; 49: 72-9.
Burton GJ, Redman CW, Roberts JM, Moffett A. Pre-eclampsia:
pathophysiology and clinical implications. BMJ. 2019; 366: l2381.
Abalos E, Cuesta C, Grosso AL, Chou D, Say L. Global and regional estimates
of preeclampsia and eclampsia: a systematic review. Eur J Obstet Gynecol
Reprod Biol. 2013; 170: 1-7.
Logue OC, George EM, Bidwell GL, 3rd. Preeclampsia and the brain: neural
control of cardiovascular changes during pregnancy and neurological
outcomes of preeclampsia. Clin Sci. 2016; 130: 1417-34.

http://www.thno.org

Theranostics 2021, Vol. 11, Issue 10
9.
10.
11.
12.
13.
14.
15.
16.
17.
18.
19.

20.
21.
22.
23.
24.
25.
26.
27.
28.
29.
30.
31.

32.

33.

34.
35.
36.
37.

Zeeman GG. Neurologic complications of pre-eclampsia. Semin Perinatol.
2009; 33: 166-72.
Eneroth-Grimfors E, Westgren M, Ericson M, Ihrman-Sandahl C, Lindblad LE.
Autonomic cardiovascular control in normal and pre-eclamptic pregnancy.
Acta Obstet Gynecol Scand. 1994; 73: 680-4.
Voss A, Baumert M, Baier V, Stepan H, Walther T, Faber R. Autonomic
cardiovascular control in pregnancies with abnormal uterine perfusion. Am J
Hypertens. 2006; 19: 306-12.
Melchiorre K, Sharma R, Thilaganathan B. Cardiovascular implications in
preeclampsia: an overview. Circulation. 2014; 130: 703-14.
Davies EL, Bell JS, Bhattacharya S. Preeclampsia and preterm delivery: A
population-based case-control study. Hypertens Pregnancy. 2016; 35: 510-9.
Mitani M, Matsuda Y, Makino Y, Akizawa Y, Ohta H. Clinical features of fetal
growth restriction complicated later by preeclampsia. J Obstet Gynaecol Res.
2009; 35: 882-7.
Weiler J, Tong S, Palmer KR. Is fetal growth restriction associated with a more
severe maternal phenotype in the setting of early onset pre-eclampsia? A
retrospective study. PLoS One. 2011; 6: e26937.
Liu X, Zhao W, Liu H, Kang Y, Ye C, Gu W, et al. Developmental and
Functional Brain Impairment in Offspring from Preeclampsia-Like Rats. Mol
Neurobiol. 2016; 53: 1009-19.
Griffith MI, Mann JR, McDermott S. The risk of intellectual disability in
children born to mothers with preeclampsia or eclampsia with partial
mediation by low birth weight. Hypertens Pregnancy. 2011; 30: 108-15.
Wu CS, Sun Y, Vestergaard M, Christensen J, Ness RB, Haggerty CL, et al.
Preeclampsia and risk for epilepsy in offspring. Pediatrics. 2008; 122: 1072-8.
Trosse C, Ravneberg H, Stern B, Pryme IF. Vectors encoding seven oikosin
signal peptides transfected into CHO cells differ greatly in mediating Gaussia
luciferase and human endostatin production although mRNA levels are
largely unaffected. Gene Regul Syst Bio. 2007; 1: 303-12.
Walker CK, Krakowiak P, Baker A, Hansen RL, Ozonoff S, Hertz-Picciotto I.
Preeclampsia, placental insufficiency, and autism spectrum disorder or
developmental delay. JAMA Pediatr. 2015; 169: 154-62.
Dachew BA, Mamun A, Maravilla JC, Alati R. Pre-eclampsia and the risk of
autism-spectrum disorder in offspring: meta-analysis. Br J Psychiatry. 2018;
212: 142-7.
Dalman C, Allebeck P, Cullberg J, Grunewald C, Koster M. Obstetric
complications and the risk of schizophrenia: a longitudinal study of a national
birth cohort. Arch Gen Psychiatry. 1999; 56: 234-40.
Ursini G, Punzi G, Chen Q, Marenco S, Robinson JF, Porcelli A, et al.
Convergence of placenta biology and genetic risk for schizophrenia. Nat Med.
2018; 24: 792-801.
Roberts JM, Gammill HS. Preeclampsia: recent insights. Hypertension. 2005;
46: 1243-9.
Roberts JM, Hubel CA. The two stage model of preeclampsia: variations on the
theme. Placenta. 2009; 30 Suppl A: S32-7.
Redman C. The six stages of pre-eclampsia. Pregnancy Hypertens. 2014; 4: 246.
Villemure C, Ceko M, Cotton VA, Bushnell MC. Neuroprotective effects of
yoga practice: age-, experience-, and frequency-dependent plasticity. Front
Hum Neurosci. 2015; 9: 281.
Shiho Nagayama, Akihide Ohkuchi, RieUsui, Shigeki Matsubara, Suzuki M.
The Role of the Father in the Occurrence of Preeclampsia. Med J Obstet
Gynecol. 2014; 2.
[No authors listed]. Father's genes influence risk of pre-eclampsia. BMJ. 1998;
316: B.
Salonen Ros H, Lichtenstein P, Lipworth L, Cnattingius S. Genetic effects on
the liability of developing pre-eclampsia and gestational hypertension. Am J
Med Genet. 2000; 91: 256-60.
Cnattingius S, Reilly M, Pawitan Y, Lichtenstein P. Maternal and fetal genetic
factors account for most of familial aggregation of preeclampsia: a
population-based Swedish cohort study. Am J Med Genet A. 2004; 130A:
365-71.
Arngrimsson R, Siguroardottir S, Frigge ML, Bjarnadottir RI, Jonsson T,
Stefansson H, et al. A genome-wide scan reveals a maternal susceptibility
locus for pre-eclampsia on chromosome 2p13. Hum Mol Genet. 1999; 8:
1799-805.
Moses EK, Lade JA, Guo G, Wilton AN, Grehan M, Freed K, et al. A genome
scan in families from Australia and New Zealand confirms the presence of a
maternal susceptibility locus for pre-eclampsia, on chromosome 2. Am J Hum
Genet. 2000; 67: 1581-5.
Laivuori H, Lahermo P, Ollikainen V, Widen E, Haiva-Mallinen L, Sundstrom
H, et al. Susceptibility loci for preeclampsia on chromosomes 2p25 and 9p13 in
Finnish families. Am J Hum Genet. 2003; 72: 168-77.
Lachmeijer AM, Arngrimsson R, Bastiaans EJ, Frigge ML, Pals G,
Sigurdardottir S, et al. A genome-wide scan for preeclampsia in the
Netherlands. Eur J Hum Genet. 2001; 9: 758-64.
van Dijk M, Mulders J, Poutsma A, Konst AA, Lachmeijer AM, Dekker GA, et
al. Maternal segregation of the Dutch preeclampsia locus at 10q22 with a new
member of the winged helix gene family. Nat Genet. 2005; 37: 514-9.
Zhao L, Bracken MB, DeWan AT. Genome-wide association study of
pre-eclampsia detects novel maternal single nucleotide polymorphisms and
copy-number variants in subsets of the Hyperglycemia and Adverse
Pregnancy Outcome (HAPO) study cohort. Ann Hum Genet. 2013; 77: 277-87.

5043
38. Johnson MP, Brennecke SP, East CE, Goring HH, Kent JW, Jr., Dyer TD, et al.
Genome-wide association scan identifies a risk locus for preeclampsia on 2q14,
near the inhibin, beta B gene. PLoS One. 2012; 7: e33666.
39. Steinthorsdottir V, McGinnis R, Williams NO, Stefansdottir L, Thorleifsson G,
Shooter S, et al. Genetic predisposition to hypertension is associated with
preeclampsia in European and Central Asian women. Nat Commun. 2020; 11:
5976.
40. Tsai S, Hardison NE, James AH, Motsinger-Reif AA, Bischoff SR, Thames BH,
et al. Transcriptional profiling of human placentas from pregnancies
complicated by preeclampsia reveals disregulation of sialic acid acetylesterase
and immune signalling pathways. Placenta. 2011; 32: 175-82.
41. Enquobahrie DA, Meller M, Rice K, Psaty BM, Siscovick DS, Williams MA.
Differential placental gene expression in preeclampsia. Am J Obstet Gynecol.
2008; 199: 566 e1-11.
42. Sitras V, Paulssen RH, Gronaas H, Leirvik J, Hanssen TA, Vartun A, et al.
Differential placental gene expression in severe preeclampsia. Placenta. 2009;
30: 424-33.
43. Kang JH, Song H, Yoon JA, Park DY, Kim SH, Lee KJ, et al. Preeclampsia leads
to dysregulation of various signaling pathways in placenta. J Hypertens. 2011;
29: 928-36.
44. Nishizawa H, Pryor-Koishi K, Kato T, Kowa H, Kurahashi H, Udagawa Y.
Microarray analysis of differentially expressed fetal genes in placental tissue
derived from early and late onset severe pre-eclampsia. Placenta. 2007; 28:
487-97.
45. Junus K, Centlow M, Wikstrom AK, Larsson I, Hansson SR, Olovsson M. Gene
expression profiling of placentae from women with early- and late-onset
pre-eclampsia: down-regulation of the angiogenesis-related genes ACVRL1
and EGFL7 in early-onset disease. Mol Hum Reprod. 2012; 18: 146-55.
46. Pang ZJ, Xing FQ. Expression profile of trophoblast invasion-associated genes
in the pre-eclamptic placenta. Br J Biomed Sci. 2003; 60: 97-101.
47. Nishizawa H, Ota S, Suzuki M, Kato T, Sekiya T, Kurahashi H, et al.
Comparative gene expression profiling of placentas from patients with severe
pre-eclampsia and unexplained fetal growth restriction. Reprod Biol
Endocrinol. 2011; 9: 107.
48. Varkonyi T, Nagy B, Fule T, Tarca AL, Karaszi K, Schonleber J, et al.
Microarray profiling reveals that placental transcriptomes of early-onset
HELLP syndrome and preeclampsia are similar. Placenta. 2011; 32 Suppl:
S21-9.
49. Rao MS, Van Vleet TR, Ciurlionis R, Buck WR, Mittelstadt SW, Blomme EAG,
et al. Comparison of RNA-Seq and Microarray Gene Expression Platforms for
the Toxicogenomic Evaluation of Liver From Short-Term Rat Toxicity Studies.
Front Genet. 2018; 9: 636.
50. Kaartokallio T, Cervera A, Kyllonen A, Laivuori K, Kere J, Laivuori H, et al.
Gene expression profiling of pre-eclamptic placentae by RNA sequencing. Sci
Rep. 2015; 5: 14107.
51. Saito S, Nakashima A. Review: The role of autophagy in extravillous
trophoblast function under hypoxia. Placenta. 2013; 34 Suppl: S79-84.
52. Saito S, Nakashima A. A review of the mechanism for poor placentation in
early-onset preeclampsia: the role of autophagy in trophoblast invasion and
vascular remodeling. J Reprod Immunol. 2014; 101-102: 80-8.
53. Joshi AA, Vaidya SS, St-Pierre MV, Mikheev AM, Desino KE, Nyandege AN,
et al. Placental ABC Transporters: Biological Impact and Pharmaceutical
Significance. Pharm Res. 2016; 33: 2847-78.
54. Valenzuela FJ, Vera J, Venegas C, Pino F, Lagunas C. Circadian System and
Melatonin Hormone: Risk Factors for Complications during Pregnancy. Obstet
Gynecol Int. 2015; 2015: 825802.
55. Huang X, Anderle P, Hostettler L, Baumann MU, Surbek DV, Ontsouka EC, et
al. Identification of placental nutrient transporters associated with intrauterine
growth restriction and pre-eclampsia. BMC Genomics. 2018; 19: 173.
56. Louwen F, Muschol-Steinmetz C, Friemel A, Kampf AK, Tottel E, Reinhard J,
et al. Targeted gene analysis: increased B-cell lymphoma 6 in preeclamptic
placentas. Hum Pathol. 2014; 45: 1234-42.
57. Li J, Liu X. Function of B-cell lymphoma 6 in trophoblast cells. Cell Cycle. 2016;
15: 1031.
58. Albers RE, Kaufman MR, Natale BV, Keoni C, Kulkarni-Datar K, Min S, et al.
Trophoblast-Specific Expression of Hif-1alpha Results in Preeclampsia-Like
Symptoms and Fetal Growth Restriction. Sci Rep. 2019; 9: 2742.
59. Tal R. The role of hypoxia and hypoxia-inducible factor-1alpha in
preeclampsia pathogenesis. Biol Reprod. 2012; 87: 134.
60. Iriyama T, Wang W, Parchim NF, Song A, Blackwell SC, Sibai BM, et al.
Hypoxia-independent upregulation of placental hypoxia inducible
factor-1alpha gene expression contributes to the pathogenesis of preeclampsia.
Hypertension. 2015; 65: 1307-15.
61. Tong W, Giussani DA. Preeclampsia link to gestational hypoxia. J Dev Orig
Health Dis. 2019; 10: 322-33.
62. Chen X, Tong C, Li H, Peng W, Li R, Luo X, et al. Dysregulated Expression of
RPS4Y1 (Ribosomal Protein S4, Y-Linked 1) Impairs STAT3 (Signal Transducer
and Activator of Transcription 3) Signaling to Suppress Trophoblast Cell
Migration and Invasion in Preeclampsia. Hypertension. 2018; 71: 481-90.
63. Gormley M, Ona K, Kapidzic M, Garrido-Gomez T, Zdravkovic T, Fisher SJ.
Preeclampsia: novel insights from global RNA profiling of trophoblast
subpopulations. Am J Obstet Gynecol. 2017; 217: 200 e1- e17.
64. Liu H, Li Y, Zhang J, Rao M, Liang H, Liu G. The defect of both angiogenesis
and lymphangiogenesis is involved in preeclampsia. Placenta. 2015; 36: 279-86.

http://www.thno.org

Theranostics 2021, Vol. 11, Issue 10
65. Maynard SE, Karumanchi SA. Angiogenic factors and preeclampsia. Semin
Nephrol. 2011; 31: 33-46.
66. Rajakumar A, Whitelock KA, Weissfeld LA, Daftary AR, Markovic N, Conrad
KP. Selective overexpression of the hypoxia-inducible transcription factor,
HIF-2alpha, in placentas from women with preeclampsia. Biol Reprod. 2001;
64: 499-506.
67. Shamshirsaz AA, Paidas M, Krikun G. Preeclampsia, hypoxia, thrombosis,
and inflammation. J Pregnancy. 2012; 2012: 374047.
68. Centlow M, Carninci P, Nemeth K, Mezey E, Brownstein M, Hansson SR.
Placental expression profiling in preeclampsia: local overproduction of
hemoglobin may drive pathological changes. Fertil Steril. 2008; 90: 1834-43.
69. Hoegh AM, Borup R, Nielsen FC, Sorensen S, Hviid TV. Gene expression
profiling of placentas affected by pre-eclampsia. J Biomed Biotechnol. 2010;
2010: 787545.
70. Trifonova EA, Gabidulina TV, Ershov NI, Serebrova VN, Vorozhishcheva AY,
Stepanov VA. Analysis of the placental tissue transcriptome of normal and
preeclampsia complicated pregnancies. Acta Naturae. 2014; 6: 71-83.
71. Maher GM, O'Keeffe GW, Kearney PM, Kenny LC, Dinan TG, Mattsson M, et
al. Association of Hypertensive Disorders of Pregnancy With Risk of
Neurodevelopmental Disorders in Offspring: A Systematic Review and
Meta-analysis. JAMA Psychiatry. 2018; 75: 809-19.
72. Chaiworapongsa T, Chaemsaithong P, Yeo L, Romero R. Pre-eclampsia part 1:
current understanding of its pathophysiology. Nat Rev Nephrol. 2014; 10:
466-80.
73. [No authors listed]. Hypertension in pregnancy. Report of the American
College of Obstetricians and Gynecologists' Task Force on Hypertension in
Pregnancy. Obstet Gynecol. 2013; 122: 1122-31.
74. von Dadelszen P, Magee LA, Roberts JM. Subclassification of preeclampsia.
Hypertens Pregnancy. 2003; 22: 143-8.
75. Redman CW, Sargent IL. Latest advances in understanding preeclampsia.
Science. 2005; 308: 1592-4.
76. Soto E, Romero R, Kusanovic JP, Ogge G, Hussein Y, Yeo L, et al. Late-onset
preeclampsia is associated with an imbalance of angiogenic and
anti-angiogenic factors in patients with and without placental lesions
consistent with maternal underperfusion. J Matern Fetal Neonatal Med. 2012;
25: 498-507.
77. Parra-Cordero M, Rodrigo R, Barja P, Bosco C, Rencoret G, SepulvedaMartinez A, et al. Prediction of early and late pre-eclampsia from maternal
characteristics, uterine artery Doppler and markers of vasculogenesis during
first trimester of pregnancy. Ultrasound Obstet Gynecol. 2013; 41: 538-44.
78. Dobin A, Davis CA, Schlesinger F, Drenkow J, Zaleski C, Jha S, et al. STAR:
ultrafast universal RNA-seq aligner. Bioinformatics. 2013; 29: 15-21.
79. Anders S, Pyl PT, Huber W. HTSeq--a Python framework to work with
high-throughput sequencing data. Bioinformatics. 2015; 31: 166-9.
80. Yu G, Wang LG, Han Y, He QY. clusterProfiler: an R package for comparing
biological themes among gene clusters. OMICS. 2012; 16: 284-7.
81. Yu G, Wang LG, Yan GR, He QY. DOSE: an R/Bioconductor package for
disease ontology semantic and enrichment analysis. Bioinformatics. 2015; 31:
608-9.
82. Love MI, Huber W, Anders S. Moderated estimation of fold change and
dispersion for RNA-seq data with DESeq2. Genome Biol. 2014; 15: 550.
83. Robinson MD, McCarthy DJ, Smyth GK. edgeR: a Bioconductor package for
differential expression analysis of digital gene expression data. Bioinformatics.
2010; 26: 139-40.
84. Moslehi R, Mills JL, Signore C, Kumar A, Ambroggio X, Dzutsev A.
Integrative transcriptome analysis reveals dysregulation of canonical cancer
molecular pathways in placenta leading to preeclampsia. Sci Rep. 2013; 3:
2407.
85. Vaiman D, Calicchio R, Miralles F. Landscape of transcriptional deregulations
in the preeclamptic placenta. PLoS One. 2013; 8: e65498.
86. Kleinrouweler CE, van Uitert M, Moerland PD, Ris-Stalpers C, van der Post
JA, Afink GB. Differentially expressed genes in the pre-eclamptic placenta: a
systematic review and meta-analysis. PLoS One. 2013; 8: e68991.
87. Brew O, Sullivan MH, Woodman A. Comparison of Normal and
Pre-Eclamptic Placental Gene Expression: A Systematic Review with
Meta-Analysis. PLoS One. 2016; 11: e0161504.
88. Vaiman D, Miralles F. An Integrative Analysis of Preeclampsia Based on the
Construction of an Extended Composite Network Featuring Protein-Protein
Physical Interactions and Transcriptional Relationships. PLoS One. 2016; 11:
e0165849.
89. Tejera E, Cruz-Monteagudo M, Burgos G, Sanchez ME, Sanchez-Rodriguez A,
Perez-Castillo Y, et al. Consensus strategy in genes prioritization and
combined bioinformatics analysis for preeclampsia pathogenesis. BMC Med
Genomics. 2017; 10: 50.
90. Kobayashi H. Characterization of the down-regulated genes identified in
preeclampsia placenta. Hypertens Pregnancy. 2016; 35: 15-21.
91. Supek F, Bosnjak M, Skunca N, Smuc T. REVIGO summarizes and visualizes
long lists of gene ontology terms. PLoS One. 2011; 6: e21800.
92. Heinz S, Benner C, Spann N, Bertolino E, Lin YC, Laslo P, et al. Simple
combinations of lineage-determining transcription factors prime
cis-regulatory elements required for macrophage and B cell identities. Mol
Cell. 2010; 38: 576-89.
93. Dachew BA, Mamun A, Maravilla JC, Alati R. Association between
hypertensive disorders of pregnancy and the development of offspring mental

5044

94.
95.
96.
97.

98.
99.
100.

and behavioural problems: A systematic review and meta-analysis. Psychiatry
Res. 2018; 260: 458-67.
Cooper DN, Stenson PD, Chuzhanova NA. The Human Gene Mutation
Database (HGMD) and its exploitation in the study of mutational mechanisms.
Curr Protoc Bioinformatics. 2006; Chapter 1: Unit 1 13.
Allen NC, Bagade S, McQueen MB, Ioannidis JP, Kavvoura FK, Khoury MJ, et
al. Systematic meta-analyses and field synopsis of genetic association studies
in schizophrenia: the SzGene database. Nat Genet. 2008; 40: 827-34.
Cariaso M, Lennon G. SNPedia: a wiki supporting personal genome
annotation, interpretation and analysis. Nucleic Acids Res. 2012; 40: D1308-12.
Ramos EM, Hoffman D, Junkins HA, Maglott D, Phan L, Sherry ST, et al.
Phenotype-Genotype Integrator (PheGenI): synthesizing genome-wide
association study (GWAS) data with existing genomic resources. Eur J Hum
Genet. 2014; 22: 144-7.
Schizophrenia Working Group of the Psychiatric Genomics C. Biological
insights from 108 schizophrenia-associated genetic loci. Nature. 2014; 511:
421-7.
Jia P, Han G, Zhao J, Lu P, Zhao Z. SZGR 2.0: a one-stop shop of schizophrenia
candidate genes. Nucleic Acids Res. 2017; 45: D915-D24.
Wu Y, Yao YG, Luo XJ. SZDB: A Database for Schizophrenia Genetic Research.
Schizophr Bull. 2017; 43: 459-71.

http://www.thno.org

